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ABSTRACT
This thesis studies the transmission of human capital across generations.
Intergenerational mobility explains the link between parent and child outcomes and is
analyzed in this study using the human capital transmission models of Becker and Tomes
(1986, 1979) and Solon (2012); and the child labor and school attendance model of
Orazem and Funnarsson (2004). Data for this study comes from the IPUMS Linked
Representative Sample years 1880-190 where school attendance and occupation were
analyzed for the primary linked male as well as their father, mother spouse, and children.
Analysis of the data suggests significant determinants of a child attending school are the
father’s level of human capital, where the child lives, nativity of the child, and nativity of
the parent. Significant determinants of the primary linked male’s occupational income
score are the father’s occupational income score, school attendance, where the male lives,
the male’s nativity, as well as the parent’s nativity.
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I.

Introduction
Human capital, specifically the transmission of human capital across

generations, is an important topic to examine because it signals the level of mobility and
equality in a society. The link between parent and child outcomes has been analyzed and
documented by Long and Ferrie 2013; Solon 1992; and Peters 1992, among others. This
study attempts to contribute to the literature by analyzing the transmission of human
capital across three generations in the United States from 1880 to 1920.
The intergenerational mobility model developed by Becker and Tomes (1986,
1979) shows how the stock of a child’s human capital as an adult depends upon
endowments of genetic ability and investment from the parents. Solon (2012) builds upon
Becker and Tomes’ intergenerational mobility model to analyze how human capital is
transmitted across multiple generations. This thesis also analyzes human capital in the
form of children attending school and uses Orazem and Funnarsson’s (2004) child labor
and school attendance model.
A high correlation between father and son’s economic or social status could
indicate that society inhibits mobility by providing insufficient opportunity for, or
actively erects barriers to advancement. Past literature on intergenerational mobility has
found there to be a correlation between father and son’s economic status in twentieth
century United States ranging from about 0.15 (indicating a mobile society) to 0.4
(indicating a much less mobile society). Long and Ferrie (2012) also attempt to find the
correlation of grandparent, parent and child outcomes and argue when accounting for
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grandparent influences the correlation estimates for fathers and grandfathers are 0.162
and 0.101 respectively.
This thesis uses census data from years 1880 and 1920 from the IPUMS Linked
Representative Samples produced by the Minnesota Population Center. These samples
include samples of males who are linked from the 1880 census to the 1920 census. These
individuals, called in turn primary linked males, are linked to their fathers, mothers,
spouses, and to their own children.
The measures used to analyze intergenerational mobility for this study are
occupational income score, school attendance as a child, and the probability of a son
working in the same occupation as his father. The occupational income score, created by
the Minnesota Population Center, represents the median total income (in hundreds of
1950 dollars) in a given occupation. My results suggest that there is a strong link between
the children’s outcome as adults and the human capital of their fathers, where human
capital is measured by the father’s occupational income score, the field their father
worked in, school attendance, where the live, and if their parents or grandparents are
native to the country.
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II.

Theoretical Model
Becker and Tomes (1986, 1979) constructed one of the first models of

intergenerational mobility. In their model, a household consists of a parent and number of
children. Parents gain utility from their of own consumption and each child’s wealth as
an adult. The parent’s utility function can be written as:
𝑈! ≡ 𝑈! 𝑍! , 𝐼!!!

(1)

where Z is the parent’s own consumption in period t and 𝐼!!! = 𝑛𝐼′!!! is the aggregate
wealth of children in period t+1 when the children are adults. Parents have a budget
constraint given by:
𝑌! = 𝑍! + Π! 𝑥!

(2)

where Yt is the parent’s wealth in period t, xt is the total amount invested in children in
period t, and Πt is the cost in forgone consumption of each unit of xt. Parents maximize
their utility in equation (1) with respect to own consumption and the aggregate wealth of
all their children subject to the parents’ expectations about family income in equation (2).
Endowments are passed from parent to child solely through genetic ability, that
is parents are assumed to be unable to invest in the child’s innate endowments. The
relationship between the parent and child’s endowments is given by:
!
𝐸!! = 𝛼! + ℎ𝐸!!!
+ 𝑣!!

(3)

where 𝐸!! is the vector of endowments of the ith family in the tth generation, h is the
degree of inheritability of these endowments, 𝛼! is the constant social endowment
common to all members of an age cohort in the same society, and 𝑣!! measures the
difference between actual and expected endowment in children.
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It is assumed that h is less than one and greater than zero, meaning that
endowments are not fully inherited and regression to the mean occurs. This means
children whose parents have above-average endowments will also tend to have aboveaverage endowments, but closer to the average than that of their parents. Similarly,
children with poorly endowed parents will tend to have below-average endowments but
relatively more than that of their parents.
Parents are able to enhance their children’s potential earnings by investing in
the child’s human capital. The child’s human capital as an adult, Ht, is determined by
endowments (E) inherited from the parent as well as parental (x) and public expenditures
(s):

H t = Ψ( xt −1 , st −1 , Et ) with Ψj >0, j=x, s, E

(4)

Holding constant the child’s endowments, parents can increase the child’s human capital
by increasing their private expenditures, xt, Similarly, increased public expenditures will
also increase children’s human capital as an adult.
The equation for the child’s earnings as an adult is given by:

Yt = γ (Τt , ft ) H t + l t

(5)

where Yt is the child’s earnings as an adult in period t, γ represents the earnings of one
unit of human capital, T is the technological knowledge the child has as an adult in period
t, f is the ratio of the amount of human capital to nonhuman capital in the economy at
period t, H represents the level of human capital the child has as an adult in period t, and
ℓ represents market luck in period t.
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Factors that generally raise the marginal effect of parental and public expenditures
on the production of human capital are family culture and genetic infrastructure. This is
seen from the second partial derivative:

∂2 Ht
= Ψ jE > 0 ,
∂jt −1∂Et

j=x,s

(6)

The marginal rate of return on parental expenditures (rm) is given by the equation:

∂Yt
∂H t
∂r
=γ
= Ψ x = 1 + rm ( xt −1 , st −1 , Et ) where m > 0
∂xt −1
∂xt −1
∂E

(7)

We assume parents can borrow at the asset interest rate to finance investment in children
and that this debt can become the obligation of children when they are adults. Because
parents are assumed to maximize the welfare of their children, parents will borrow
whatever is necessary to maximize the net income of their children. This will occur when
the marginal rate of return on investment in human capital is equal to the interest rate:
rm = rt or xˆt −1 = g ( Et , st −1 , rt ) with gE > 0, gr < 0 , and gs < 0

(8)

If poor parents are able to borrow the resources needed to finance investment in their
children, human capital and earnings of children would not depend on the parents’ assets
and earnings. From equation (8) we can see that parents of higher endowed children
invest more in their children, higher interest rates reduce parental investment in their
children, and public expenditures on children dampen parental investments.

5

Even if a perfect capital market exists, and children’s earnings and human capital
were not directly affected by the parent’s level of assets and wealth, the degree of
inheritability of endowments from the parent would affect the child’s earnings and human
capital. To derive the relationship between the earnings of parents and children,
substitute the optimal level of x given by equation (8) into the earnings-generating
equation (5) to get:

Yt = Ψ[ g ( Et , st −1 , rt ), st −1 , Et ] + l t = φ ( Et , st −1 , rt ) + l t

where φE = Ψ g g E + Ψ E = (

(9)

∂Y ∂x ∂Y
)( ) +
>0
∂x ∂E ∂E

Here we can see the child’s earnings as an adult (Yt) is affected by the level of
endowments (Et) directly through the level of human capital the child has as an adult
(Ψ()) as well as indirectly through the level of parental expenditure spent on the child (xt1).

Since this equation relates E to Y, ℓ, g, and r, Et can be replaced by Et-1 from (3)
and then Yt can be related to Yt-1 , ℓt, vt, ℓt-1, and other variables:

Yt = F (Yt −1 , l t −1 , vt , h, st −1 ,st −2 , rt , rt −1 , αt ) + l t

(10)

When endowments are more inheritable, the earnings of parents and children are more
closely related. Also, the total effect of endowments (ϕE) on earnings affects the
relationship between the earnings of parents and children. If this effect is independent of
the level of endowments, then:
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Yt = ct + α tφE + hYt −1 + l *t ,

(11)

where l *t = l t − hl t −1 + φE vt and ct = c( st −1 , st −2 , h, rt , rt −1 ) .
If the luck factor, ℓ*, is held constant, the earnings of children would regress to
the mean at the rate of 1-h. However, the coefficient is biased downwards by the luck of
parents (ℓt-1) in OLS regressions of the actual lifetime earnings of children on the actual
lifetime earnings of parents. If ct is the same for all families, the expected value of the
regression coefficient would equal:

bt ,t −1 = h(1 −

σ l2
)
σ y2

(12)

where σl2 and σy2 are the variances of ℓt and Yt. This coefficient is closer to the degree of
inheritability when the inequality in market luck is a smaller fraction of the inequality in
life-time earnings. This coefficient reflects the marginal propensity to invest in the child
as well as the endowment transferred to the child. A coefficient equal to zero represents
perfect mobility while a higher coefficient represents less mobility between generations.
Solon (2012) extended Becker and Tomes’ (1979) model to analyze
intergenerational mobility beyond a single generations. Similar to Becker and Tomes’
earnings generating model given by equation (12), Solon expresses the child’s adult log
earnings model as:
log 𝑦!" = 𝑐! + 𝛿𝑙𝑜𝑔𝑦!,!!! + 𝛾𝐸!"
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(13)

where ct is the intercept that is a function of public expenditure on human capital and 𝛿 is
equal to θγ and represents the elasticity of the child’s income with respect to investment
in the child’s human capital. The positive marginal product of human capital
investment is represented by θ and γ represents the earnings return to human
capital. Eit is the human capital endowment of the child where Eit=αt+hEi,t-1+vit.
To derive a model that accounts for multiple generations, Solon lags the earnings
generating equation by one generation, multiplies it by the heritability coefficient, and
subtracting the result from the earnings generating equation. This equation is written as:
log 𝑦!" = (1 − ℎ)(𝑐! + 𝛾𝛼) + (𝛿 + ℎ)𝑙𝑜𝑔𝑦!,!!! − 𝛿ℎ𝑙𝑜𝑔𝑦!,!!! + 𝛾𝑣!"

(14)

where h denotes the degree of inheritability and α is the constant social endowment
common to all members of an age cohort in the same society,
In equation (14) the coefficient on parental log income, 𝛿 + ℎ, is positive,
however the coefficient on grandparental long income is negative. This negative
coefficient is reflective of an implication that higher grandparental income is conditional
on the amount of parental income.
Orazem and Funnarsson’s (2004) child labor and school attendance model
analyzes how the parent chooses to allocate the child’s time between school and labor.
Denote the wage the child earns at time t as W(Ht), where Ht is the total human capital
accumulated up to time t. Whether or not the child attends school will be reflective of the
relative returns to schooling compared to working. If the child attends school so A>0, the
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child will earn (1-A)W(H0) in the current period, however the wage will rise in the next
period to W(H1)=W(H(H0,A)). A has been normalized so that between 0 and 1 complete
specialization in schooling is corresponding to A=1. If the child does not attend school,
the child will earn a wage of W(H0) in both periods.
The child will attend school if:

(1 − A)W ( H 0 ) +

W (H0 )
W ( H1 )
, where r is the interest rate.
≥ W (H0 ) +
1+ r
1+ r

(15)

Because returns to human capital are positive but diminishing as the years of
schooling increase and the human capital stock increases, the first term on the left-handside of equation (15) grows larger in magnitude and the second term on the left-hand-side
grows smaller as the child gets older.
The child should attend school if the present value of the wage increase due to
schooling is greater than the cost of child time in school. This can be seen by:

− AW ( H 0 ) +

W ( H1 ) − W ( H 0 )
≥0
1+ r

(16)

One component of past accumulation of human capital is the endowments and
innate ability passed to the child from the parents. More able children will succeed easier
in school and in labor status.
The data I use do not include information on earnings, therefore this study’s
analysis will focus on estimating the relationship given by equation (4). Whether or not a
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child attends school is used as the measure for human capital (H) and the occupational
score is used as a measure for the child’s earnings as an adult (Yt). Genetic endowments
(E) will directly affect the probability of attending school (H) to increase and indirectly
affect the occupational score of the child as an adult (Yt).
To analyze the school attendance of a child for this study, I adopt the child labor
and school attendance model used by Orazem and Funnarsson (2004). In this model, it is
assumed that the parents choose to allocate the child’s time between school attendance
(A) and labor (L) so as to maximize the present value of the child’s lifetime earnings.
Like Becker and Tomes, it is assumed that the parents do not face any constraints on
borrowing against future returns to schooling and that there are positive returns to
schooling. Orazem and Funnarsson also assumed that the returns to schooling are
diminishing as years of schooling rises.
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III.

Literature Review
By examining the impact parent’s occupation and economic status has on their

child’s education attainment and occupation status, this study contributes to the literature
on intergenerational mobility. For example, Long and Ferrie (2013) used census data to
link fathers and sons to analyze intergenerational mobility in the nineteenth and twentieth
century in the United States and Britain. The nineteenth century census data Long and
Ferrie used linked males from the 1850/1851 census year to the census thirty years later
in 1880/1881 for both countries. There are about 13,000 observations included in the
census data for Britain and about 10,000 observations included in the census data for the
United States. For the twentieth century data Long and Ferrie used the Oxford Mobility
Study for Britain and the Occupational Change in a Generation (OCG) cohort for the
United States.
Long and Ferrie analyzed occupational mobility between fathers and sons
across four broad occupational groups: white collar, farmer, skilled and semi-skilled, and
unskilled. Long and Ferrie measured overall mobility as the fraction of sons who end up
in occupational categories different from those of their fathers, including upward and
downward moves. Using this simple measure, Long and Ferrie found from the twentieth
century data that men in their 30s during 1972-73 were less likely to find themselves in
the same occupations their fathers had in 1949-55 in the U.S. than in Britain. The
interpretation of this result is made more complicated to the extent that the occupational
distributions of the U.S. and Britain differ. To account for the occupational structure
differences in the United States and Britain, Long and Ferrie calculated the degree of
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mobility that would have been observed in the United States if the U.S. had the
occupational structure of Britain, and the mobility that would have been observed in
Britain if Britain had the occupational structure of the United States. After accounting
for these differences in the two economies, Long and Ferrie found that mobility in Britain
and the U.S. were statistically speaking no different.
Comparing the United States and Britain’s occupational structure, Long and
Ferrie find that the white-collar category is broad, spanning many different occupations,
in both countries during the twentieth century. Because this category is so broad, Long
and Ferrie split this category into “high white collar” and “low white collar”. The “high
white collar” category includes professional, technical, managers, officials, and
proprietors. The “low white collar” category includes clerical and sales. After analyzing
the data with these new categories, Long and Ferrie found the intergenerational mobility
rose slightly for both countries from their initial calculations, but there was still no
significant difference in intergenerational mobility between the two countries in the
twentieth century.
While the U.S. and Britain had similar rates of intergenerational mobility in the
twentieth century, Long and Ferrie found the U.S had more mobility than Britain in the
nineteenth century. The magnitude of association between fathers’ and sons’ occupations
in Britain in the nineteenth century was about 22.7, which is about twice as much as in
the United States of 11.9. This finding means sons in Britain were about twice as likely to
end up in the same occupation as their father compared to sons in the United States in the
nineteenth century.

Long and Ferrie attribute most of this greater intergenerational
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mobility in the U.S. to the sons in the U.S. having an easier path to farming occupations
when their fathers came from a non-farming occupation.

In addition, this higher

intergenerational mobility in the U.S. can also be attributed sons who end up in a whitecollar occupation. In Britain, white-collar sons had a 20-to-1 advantage in entering a
white collar occupation rather than unskilled jobs when compared to the sons of unskilled
workers. In the U.S. this advantage was only 4-to-1, indicating upward mobility was
much greater in the United States in the nineteenth century than it was in Britain. As well
as upward mobility being greater in the United States, downward mobility is also lower
in the United States compared to Britain. Only 8.7 percent of sons in the United States
moved in to unskilled jobs compared to 14 percent in Britain.
When comparing total mobility in the U.S. in the nineteenth and twentieth
century, Long and Ferrie found higher total mobility in the 20th century than in the 19th
century. However, after accounting for the different occupational structures of the
economy in the nineteenth and twentieth century, Long and Ferrie found that the
nineteenth century actually had higher total mobility rate 1.3 times greater than in the
twentieth century. Long and Ferrie attribute the nineteenth century being much more
mobile than the twentieth century to the advantage of white collar sons growing by a
factor of nearly eight between the nineteenth and twentieth centuries.
Xie and Killewald (2013) comment on Long and Ferrie’s (2013) study of
intergenerational mobility in the U.S. and Britain and argue that the conclusion Long and
Ferrie draw from their comparisons of mobility in the U.S. in the nineteenth and
twentieth centuries is incorrect. Xie and Killewald believe the method Long and Ferrie
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use to analyze occupational mobility in the U.S. in the nineteenth and twentieth centuries
should not be used to measure social mobility of farmers. Xie and Killewald believe
farmers are unique in that they mainly come from farmer families regardless of the
occupational structure of the economy, and determine farming to be the source of Long
and Ferrie’s findings of higher mobility in the U.S. in the nineteenth century compared to
the twentieth century. Xie and Killewald argue that industrialization and the decline of
the farming sector in the U.S. changed the occupational structure of the economy and
because Long and Ferrie included farmers in the study, the conclusions Long and Ferrie
drew were inaccurate. Xie and Killewald argue if farmers are not included in the analysis
then mobility is similar in the nineteenth and twentieth centuries in the United States.
Ferrie (2005) also analyzes intergenerational occupational mobility in

the

nineteenth century to test the idea of “American exceptionalism”, which he identifies as
the lack of a hereditary aristocracy or caste system, and more broadly as not being
constrained by family background or economic status. Ferrie uses data on eight cohorts of
75,000 males linked across U.S. censuses between 1850 and 1920. Two of the cohorts
span thirty years, three span twenty years, and three span ten years. Ferrie measures
economic status based on self-reported occupations, which are categorized as: 1) white
collar, 2) farmer, 3) skilled and semi-skilled, 4) unskilled.
Ferrie (2005) discusses the importance of distinguishing between absolute
mobility and relative mobility. Absolute intergenerational mobility is how income or
economic status has changed from one generation to the next because of economic
growth or a change in the occupational structure of the economy and relative
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intergenerational mobility is how an individual ranks in the distribution of economic
standing. If an individual is in the top 50 percentile of the distribution and their parent
was only in the 30 percentile than this would be classified as an increase in relative
intergenerational mobility.
Ferrie (2005) calculates the odds ratio, which is the odds an outcome will occur
given a certain condition compared to the odds that outcome will occur given the absence
of that condition. Ferrie found that the odds ratio of a white collar son getting a white
collar job rather than a farm job compared to a farm son getting a white collar job rather
than a farm job increased nearly five times from 16.8 in 1880-1900 to 75.5 in 1950/561973. To distinguish the effect of a change in occupational structure of the economy,
Ferrie analyzes the relationship between fathers’ and sons’ occupations in the two eras
with the distributions of fathers’ and sons’ occupation held at values from the other era.
For example, Ferrie analyzes the relationship between fathers’ and sons’ occupations in
1950/56-1973 with the distributions of fathers’ and sons’ occupations in 1880-1900.
Ferrie finds that if the barriers to movement into white collar jobs faced by farmers’ sons
in the nineteenth century had persisted into the twentieth century, then 41 percent of
farmers’ sons would have ended up in white collar jobs than actually did. This indicates
that there is greater absolute intergenerational mobility in the twentieth century than in
the nineteenth century, yet relative intergenerational mobility has actually decreased from
the nineteenth century to the twentieth century.
Gary Solon (1992) also analyzed the degree that income status is transmitted
from one generation to the next by using data from the Panel Study of Income Dynamics
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(PSID). PSID is a longitudinal survey of about 5,000 families conducted annually since
1968 and contains 348 father-son pairs. Solon used least squares regression to estimate
the intergenerational correlation of economic status between fathers and sons and finds
the intergenerational income correlation in the United States to be at least .4, indicating
the United States may have a less mobile society than previously thought.
Unlike Solon’s intergenerational correlation estimate of .4, Behrman and Taubman
(1985) find an intergenerational correlation to be about .2 or less. Behrman and Taubman
used data consisting of twins and their parents in the NAS-NRC Twin sample, which was
collected from 1977-1981 and included about 400 parents. Using Becker’s
intergenerational endowment model, Behrman and Taubman find the intergenerational
correlation estimate to be about .2.
Elizabeth Peters (1992) also studied patterns in intergenerational mobility and used
data from the National Longitudinal Surveys of Labor Market Experience and linked
parents and their children. There are four cohorts that link 999 father-daughter pairs,
1,099 father-son pairs, 1,671 mother-son pairs, and 1,848 mother-daughter pairs. Income
and earnings measures were used to measure economic status and Peters used transition
matrices to analyze the mobility between generations. Peters found that those whose
parents are found in the highest and lowest income quartiles have the lowest mobility
while those whose parents are in the second and third income quartiles have an equal
chance of ending up in any quartile.
Peters found a .252 correlation between parents’ and the son’s income and a .22
correlation between parents’ and the son’s earnings. This estimate is more similar to
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Behrman and Taubman’s (1985) finding of .2 for the intergenerational correlation
estimate when compared to Solon’s (1992) intergenerational correlation finding of .4.
Peters found different estimates between parents and daughters from that of parents and
sons. The correlation estimate between parents’ and daughter’s income was .289 and a
correlation estimate between parents’ and daughter’s earnings was only .125. Peters
explains this difference by daughters’ earnings may make up a smaller fraction of total
family income due to husband’s earnings.
Peters found that the variables significant in affecting intergenerational mobility are
father’s education, number of siblings, and family background. Peters also found that
mother’s labor force participation was significant in affecting daughter’s income
mobility. Peters concludes that parents’ income has some effect on children’s mobility in
the income distribution but not a great deal.
Ferrie (2005) also analyzes the relationship between geographical mobility and
intergenerational mobility and found higher rates of geographical mobility in the
nineteenth century when intergenerational mobility was also greater compared to the
twentieth century. Ferrie explains this relationship as those in the nineteenth century with
few opportunities in their original location had the possibility of moving to more
prosperous locations. By the twentieth century there were not as many arbitrage locations
left and therefore less geographical mobility. After analyzing Altham statistics, Ferrie
found that intergenerational mobility was lower for those who remained in the same
county. Long and Ferrie (2013) also note that geographical mobility is correlated with
intergenerational occupational mobility and the decrease in geographic mobility in the
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twentieth century may have affected their finding of a decrease of intergenerational
occupational mobility in the twentieth century.
The relationship between education and intergenerational mobility is analyzed
as well in Ferrie’s (2005) study. Compared to the nineteenth century, the twentieth
century had a greater emphasis on education, parental investment in their children’s
human capital, and graduation rates. While advancements in education were taking place,
Ferrie explains the effects of the decreased geographical mobility outweigh the benefits
of improved education. Iyigun (1999) presents a model to analyze the relationship
between education and intergenerational mobility and argues that increases in public
education may not increase intergenerational mobility. Iyigun explains this through two
different effects. First, educated parents increase the academic potential of their children.
Second, the quantity of educational services depends on output, which depends on the
fraction of educated parents. These are two offsetting effects. The first would lower
intergenerational mobility while the second would increase intergenerational mobility.
How intergenerational mobility would be affected by education depends on the strengths
of the different effects.
Long and Ferrie (2012) also analyzed the effect that grandparents can have on
intergenerational transmission of economic status by linking generations across British
and U.S. censuses. For the British data Long and Ferrie use a computerized two percent
sample of the 1851 census, a computerized version of the complete count 1881 census,
and the complete count 1901 census, which are accessible through Ancestry.com. Long
and Ferrie were able to link 12,647 father-son pairs from the first generation to the
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second. Linking the second generation to the third generation, Long and Ferrie were able
to construct 4,255 father-son pairs. Long and Ferrie were also able to link 2,813
grandfather-father-son pairs across all three generations. Long and Ferrie used U.S.
census data to link grandfather-father-son pairs for the U.S. dataset. Long and Ferrie
linked 2,141 grandfather-father-son pairs across all three generations.
Long and Ferrie find that the effect both fathers and grandfathers have on sons
occupation is statistically significant indicating that both grandfathers and fathers have an
impact. Long and Ferrie find an intergenerational correlation estimate in the U.S. of
about .191 for the impact father’s occupational wealth has on the son’s occupational
wealth.

Long and Ferrie find the impact grandfather’s occupational wealth has on

grandson’s occupational wealth is about .152. When both the grandfather and father are
included, the intergenerational correlation estimates are found to be .101 and .162
respectively. In the U.S. dataset, Long and Ferrie find high rates of total mobility and
upward mobility out of unskilled occupations, however, there is a high rate of persistence
in farming between the first and second generation in the U.S. This finding supports Xie
and Killewald’s claim that famers generally come from farming families regardless of the
occupational structure of the rest of the economy.
A limitation to this study may be that this dataset may not be wholly reflective of
the population of this time. It appears the sample may be slightly more rural and
agricultural based than the population was during this time. Between 1850 and 1930, the
percent of population in urban areas increased from about 19 percent to about 53 percent
(Bolino, 82). The sample shows in 1880 about 18.25 percent resided in urban areas and in
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1920 about 40.75 percent resided in urban areas. According to Bolino (96) about only
one-half of the population were practicing farming by 1880. In this dataset about 58.21
percent of the sample worked in agriculture in 1880.
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IV.

Data
To analyze intergenerational mobility, I have collected census data from the

IPUMS Linked Representative Samples for the years 1880 to 1920 produced by the
Minnesota Population Center. Males that are used as the primary link in both census
years are linked by birth year, place of birth, given name, surname, and race. Using
household serial numbers and relationship status I also linked three generations of
fathers, mothers, spouses, and children to the primary linked male in the household. The
first generation is the father and mother of the primary linked male, the second generation
is the primary linked male and his spouse, and the third generation is the children of the
primary linked male. In this sample there are 8,168 observations of the primary male of
the household. In the 1880 census year, 8,168 fathers and 7,439 mothers were linked to
the primary male and 175 fathers and 387 mothers remained in the sample in the 1920
census. In the 1920 census year, 6,978 spouses and 19,973 children were linked to the
primary male.
Summary statistics are given in Table 1 below. The first variable in Table 1 is the
grandfather’s occupational score. The occupational score is a variable the Minnesota
Population Center constructed that assigns occupational income scores to each
occupation and represents the median total income (in hundreds of 1950 dollars) of a
certain occupation. For example, the occupational score for a lawyer is 62 meaning that
the median total income for a lawyer was $6200 in 1950 dollars. The mean of the
grandfather’s occupational score is 18.485 meaning that the average father in 1880 was
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making about $1850 in 1950 dollars. The mean of the grandmother’s occupational score
is about 0.179. This estimate is very low due to the fact that many mothers at this time
were not employed and tended to the house. Of the 7,439 observations of grandmothers,
7,070 (95.04%) reported their occupation as keeping house. In the second generation, the
average occupational income score of the primary linked male is 23.547 meaning the
average male in 1920 was making about $2355 in 1950 dollars. The average spouse’s
occupational score is 1.184 meaning the average wife in 1920 was making about $118 in
1950 dollars.
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Table 1: Summary Statistics

Variable

1880
Observations

Father of primary linked male's occupational score

8168

Mother of primary linked male's occupational score

7439

Mean

1920
Observations

18.49
(11.3
8)
0.18
(1.87)

Father's occupational score

8168

Spouse's occupational score

6978

Father of primary linked male's urban status

8168

Mother of primary linked male's urban status

7439

Father's urban status

8168

0.18
(0.39)
0.18
(0.38)
0.18
(0.39)

175
387
8168

Child's urban status

17722

Migrated between 1880 and 1920

8168

Father of primary linked male's age

8168

Mother of primary linked male's age

7439

Father's age

8168

43.29
(10.5
7)
37.66
(9.66)
9.68
(7.19)

175
387
8168

Spouse's age

6978

Child's age

17722

Father attended school

8168

Father attended school if age 6-17

3979

17722

Child in school if age 6-17

10071

Sons in school if age 6-17

5048

Daughters in school if ages 6-17

5023
8168
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23.55
(13.4
9)
1.03
(5.12)
0.37
(0.48)
0.46
(0.50)
0.44
(0.50)
0.33
(0.47)
0.52
(0.50)
76.09
(6.66)
73.50
(7.09)
49.36
(7.21)
44.21
(8.84)
13.93
(8.50)

0.35
(0.48)
0.64
(0.48)

Child in school

Father of primary linked male was literate

Mean

0.90
(0.30)

0.53
(0.50)
0.85
(0.36)
0.84
(0.37)
0.86
(0.35)

1880
Observations
8168

Variable
Mother of primary linked male was literate

Mean
0.80
(0.40)

1920
Observations
Mean

Father was literate

8168

Spouse was literate

6978

Child was literate

315

Father, mother, or both of primary linked male foreign
born

8168

Father foreign born

8168

Number of children in Father's household

8168

Father of primary linked male was in farming

8168

Father of primary linked male was in white collar field

8168

Father of primary linked male was in semi-skilled field

8168

Father of primary linked male was in unskilled field

8168

Mother of primary linked male was in farming

8168

Mother of primary linked male was in white collar field

8168

Mother of primary linked male was in semi-skilled field

8168

Mother of primary linked male was in unskilled field

8168

0.26
(0.44)
0.03
(0.16)
2.45
(1.96)
0.56
(0.50)
0.04
(0.19)
0.24
(0.43)
0.17
(0.37)
0.00
(0.07)
0.00
(0.02)
0.00
(0.05)
0.99
(0.09)

Father was in farming

8168

Father was in white collar field

8168

Father was in semi-skilled field

8168

Father was in unskilled field

8168

Spouse was in farming

8168

Spouse was in white collar field

8168

Spouse was in semi-skilled field

8168

Spouse was in semi-skilled field

8168

Months Father was unemployed

8168
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0.97
(0.17)
0.97
(0.16)
0.20
(0.40)

0.36
(0.48)
0.08
(0.27)
0.42
(0.49)
0.16
(0.36)
0.01
(0.08)
0.01
(0.08)
0.02
(0.13)
0.97
(0.17)
0.10
(0.81)

The distributions of the occupational income scores for the first and second
generations are given in the graphs below. Graph (a) shows the distribution of
occupational income scores for the first generation fathers and Graph (b) shows the
distribution of occupational income scores for the primary linked males in the second
generation. About 53 percent of the first generation fathers have an occupational income
score of 14. About 95 percent of the first generation fathers who were categorized as
working in farming had an occupational income score of about 14. Of the primary linked
males in the second generation only about 32 percent had an occupational income score
of 14. The median occupational income score for the first generation fathers was 14 and
Figure 1
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the median occupational income score for the primary linked males in the second
generation was 22. The distribution of occupational income scores for the secondgeneration males exhibits less skewness or inequality than the distribution of
occupational income scores for the first generation fathers shows.
The top five occupations and the corresponding occupational income score is
given for the grandfather and the father of the second generation in Table 2 below.
Farming was the top occupation in 1880 and 1920 for both the first generation father as
well as the second-generation primary linked male. In 1880 there were 4,279 fathers who
listed their occupation as farmers and planters, and in 1920 2,401 primary linked males
listed their occupation as farmers on a general farm.
Table 2: Top Five Occupations and Corresponding Income Score
First Generation
Occupation
Score
Farmers and Planters
14
Unspecified Laborers
20
Keeping House
0
Carpenters
24
Agricultural Laborers 9

Obs.
4,279
424
396
237
219

Second Generation
Occupation
Score
Farmers, general farms
14
No occupation
0
Carpenters
24
Farm laborers
9
Salesman, stores
24

Obs.
2,401
424
277
230
173

To analyze the intergenerational mobility across generations, several dummy
variables were created. The dummy variable Urban indicates the individual lived in an
urban area of at least 2,500 inhabitants in that census year if the variable equals one. Of
the first generation the percent of fathers living in urban areas increased from about 18
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percent in 1880 to about 37 percent in 1920. Of the second generation about 44 percent of
the linked primary males lived in an urban in 1920.
Another dummy variable created was the variable Migrant, which indicates if the
primary linked male moved to either a different county within the same state or to a
different county within a different state between the 1880 census and the 1920 census.
About half of the sample did move to either a new state or a new county within the same
state.
To indicate whether the primary linked male of the second generation was born in
a country other than the United States, the dummy variable Foreign was created. Only
about 2.7 percent of the primary linked males of the second generation were born outside
of the United States. The dummy variable Parent Foreign was also created to indicate if
either the mother or the father in the first generation was born in another country. About
26 percent of the primary linked males had either a mother or a father who was not native
to the United States.
Table 3 below shows the average occupational income scores for the first
generation father and the second generation primary linked male who have certain
characteristics. For both the grandfather and the primary linked male of the second
generation, the average occupational income score is about 10 to 11 points higher for
those who live in an urban area. Also, the average occupational income score is about 3
points higher for the primary linked males who did migrate to either a new county or state
between 1880 and 1920. Interestingly, the average occupational income score for the
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primary linked males who had at least one parent born outside of the United States is
slightly higher compared to the males who had both parents native to the country. Even
though the average occupational score of those with foreign born parents was slightly
higher, the average occupational income score for the primary linked males who were
themselves foreign is about a point and a half lower than those who were born in the
United States.
Table 3: Mean Occupational Income Scores by Characteristics
Mean Occupational Income Score
Lived in urban area

Father of Primary Linked Male
26.24

Primary Linked Male
29.679

Lived in rural area

16.74

18.034

Migrant

-

25.042

Not a migrant

-

21.908

Parent foreign born

-

24.58

Parent not foreign born

-

23.18

Foreign

19.97

21.90

Not Foreign

18.01

23.59

Similar to Long and Ferrie’s work, four categories of dummy variables were
created to categorize individuals’ occupations: farmer, white collar, semi-skilled, and
unskilled. An individual was placed in the farmer category if they worked in an
agricultural field. Examples of a white-collar worker include lawyers, bankers, and
architects. Examples of the types of workers in the semi-skilled field include bakers,
blacksmiths, and electricians. Examples of an unskilled worker include janitors, keeping
house, and the unemployed. From the summary statistics we can see of the first
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generation fathers about 56 percent worked in farming, about four percent worked in a
white-collar field, about 24 percent worked in a semi-skilled field, and about 16 percent
were unskilled. Majority of the first generation mothers were unskilled (about 99
percent). As discussed above this is due to the fact that about 95 percent of the first
generation mothers reported their occupation as keeping house.
Of the second-generation males, about 36 percent worked in farming, about eight
percent worked in a white-collar field, about 41 percent worked in a semi-skilled field,
and about 15 percent were unskilled. Similar to the first generation mothers, majority of
the spouses in the second generation are unskilled (about 96 percent). No occupation was
reported for about 95 percent of the spouses in the second generation. This is most likely
due to the fact that keeping house was no longer an option for occupation in the 1920
census.
Another variable used to measure intergenerational mobility is if an individual
attended school as a child. The summary statistics show about 63 percent of the primary
linked males who were between the ages of 6 and 17 in 1880 attended school. About 85
percent of school age children in the third generation attended school. The graph below
shows the percentage of children in school between the ages of six and seventeen for the
second and third generations. The highest percentage for the second generation is at age
12 with about 78 percent of the primary linked males attending school. The highest
percentage of the third generation is at age 13 with about 96 percent of children attending
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school. The ages with the biggest gap between generations are age 7 and age 14 with
about a 30 percent difference between the two generations at these ages.
Figure 2
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Of the third generation, daughters of the primary linked males attended school at a
slightly higher rate than the sons of the primary linked males.

From the summary

statistics it is shown that in this sample about 85 percent of school age children in the
third generation attended school with about 86 percent of daughters attending school and
84 percent of sons attending school.

This is a greater percentage than the second

generation where only about 64 percent of males in 1880 between the ages of 6 and 17
attending school.
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V.

Empirical Framework
In this study, the first measure used to analyze intergenerational mobility between

the first and second generations was occupational income scores. The following equation
was used to regress the second generation male’s occupational income score on the first
generation father and mothers’ occupational income scores using OLS with state fixed
effects:
𝑂𝑐𝑐𝑠𝑐𝑜𝑟𝑒! = 𝛼 + 𝛽𝐹𝑎𝑡ℎ𝑒𝑟_𝑂𝑐𝑐𝑠𝑐𝑜𝑟𝑒! + 𝛾𝑀𝑜𝑡ℎ𝑒𝑟_𝑂𝑐𝑐𝑠𝑐𝑜𝑟𝑒! + 𝜃𝑆𝑐ℎ𝑜𝑜𝑙 ! +
𝛿𝑈𝑟𝑏𝑎𝑛!,! + 𝜌𝐴𝑔𝑒! + 𝜎𝐹𝑜𝑟𝑒𝑖𝑔𝑛! + 𝜏𝑃𝑎𝑟𝑒𝑛𝑡_𝐹𝑜𝑟𝑒𝑖𝑔𝑛! + 𝜀!

(17)

This regression was analyzed only for the primary linked males who were under the age
of 16 in 1880 to ensure the primary linked male had lived in the same household as their
parents. The variable Schooli indicates whether or not the primary linked male attended
school in 1880. The variable Urbani,t is equal to one if the primary linked male lived in an
urban area in time t. The variable Agei is a vector for the primary linked male’s age in
1920 as well as his age in 1920 squared. The variable Foreigni indicates if the primary
linked male was born outside of the United States. Similarly, the variable Parent_Foreigni
is equal to one if the first generation mother or father is not native to the United States.
The main coefficient of interest here is β, which measures the effect the first generation
father’s occupational income score has on his son’s occupational income score.
The second measure used to analyze intergenerational mobility was if the
individual attended school as a child. OLS with state fixed effects was used to regress
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parents’ occupational income scores on the child attending school for both the second and
third generations. The equation for this regression is given by the following:
𝐼𝑛𝑆𝑐ℎ𝑜𝑜𝑙! = 𝛼 + 𝛽𝑂𝑐𝑐𝑠𝑐𝑜𝑟𝑒! + 𝛾𝑈𝑟𝑏𝑎𝑛!,! + 𝛿𝐹𝑜𝑟𝑒𝑖𝑔𝑛! + 𝜃𝐴𝑔𝑒! + 𝜀!

(18)

For the second generation, Occscorei includes the first generation father’s occupational
income score as well as the mother’s. However, for the third generation, Occscorei
includes the first generation father and mother’s occupational income scores as well as
the second generation primary linked male’s occupational income score. Again, the
variable Urbani,t is equal to one if the child lived in an urban area at time t. The variable
Foreigni indicates if the first or second generation was born outside of the United States
and the variable Agei is the age of the child from age six to sixteen. The main coefficient
of interest is β, which measures the effect the parents’ occupational income score has on
the probability of the child attending school.
The last measure of this study to analyze intergenerational mobility was the
probability of the primary linked male working in one of the four categories of
occupation dependent upon the category of occupation his father worked in. OLS with
state fixed effects was used to run four different regressions:
𝐹𝑎𝑟𝑚𝑒𝑟! =
𝛼 + 𝛽𝐹𝑎𝑡ℎ𝑒𝑟_𝑤ℎ𝑖𝑡𝑒𝑐𝑜𝑙𝑙𝑎𝑟 ! + 𝛾𝐹𝑎𝑡ℎ𝑒𝑟_𝑠𝑒𝑚𝑖𝑠𝑘𝑖𝑙𝑙𝑒𝑑
𝛿𝐼𝑛𝑆𝑐ℎ𝑜𝑜𝑙

!

!

+ 𝛿𝐹𝑎𝑡ℎ𝑒𝑟_𝑢𝑛𝑠𝑘𝑖𝑙𝑙𝑒𝑑 ! +

+ 𝜃𝑈𝑟𝑏𝑎𝑛 !,! + 𝜌𝐴𝑔𝑒 ! + 𝜎𝐹𝑜𝑟𝑒𝑖𝑔𝑛 ! + 𝜀!
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(19)

𝑊ℎ𝑖𝑡𝑒𝐶𝑜𝑙𝑙𝑎𝑟! =
𝛼 + 𝛽𝐹𝑎𝑡ℎ𝑒𝑟_𝑤ℎ𝑖𝑡𝑒𝑐𝑜𝑙𝑙𝑎𝑟 ! + 𝛾𝐹𝑎𝑡ℎ𝑒𝑟_𝑠𝑒𝑚𝑖𝑠𝑘𝑖𝑙𝑙𝑒𝑑
𝛿𝐼𝑛𝑆𝑐ℎ𝑜𝑜𝑙

!

!

+ 𝛿𝐹𝑎𝑡ℎ𝑒𝑟_𝑢𝑛𝑠𝑘𝑖𝑙𝑙𝑒𝑑 ! +

+ 𝜃𝑈𝑟𝑏𝑎𝑛 !,! + 𝜌𝐴𝑔𝑒 ! + 𝜎𝐹𝑜𝑟𝑒𝑖𝑔𝑛 ! + 𝜀!

(20)

𝑆𝑒𝑚𝑖𝑆𝑘𝑖𝑙𝑙𝑒𝑑! =
𝛼 + 𝛽𝐹𝑎𝑡ℎ𝑒𝑟_𝑤ℎ𝑖𝑡𝑒𝑐𝑜𝑙𝑙𝑎𝑟 ! + 𝛾𝐹𝑎𝑡ℎ𝑒𝑟_𝑠𝑒𝑚𝑖𝑠𝑘𝑖𝑙𝑙𝑒𝑑
𝛿𝐼𝑛𝑆𝑐ℎ𝑜𝑜𝑙

!

!

+ 𝛿𝐹𝑎𝑡ℎ𝑒𝑟_𝑢𝑛𝑠𝑘𝑖𝑙𝑙𝑒𝑑 ! +

+ 𝜃𝑈𝑟𝑏𝑎𝑛 !,! + 𝜌𝐴𝑔𝑒 ! + 𝜎𝐹𝑜𝑟𝑒𝑖𝑔𝑛 ! + 𝜀!

(21)

𝑈𝑛𝑠𝑘𝑖𝑙𝑙𝑒𝑑! =
𝛼 + 𝛽𝐹𝑎𝑡ℎ𝑒𝑟_𝑤ℎ𝑖𝑡𝑒𝑐𝑜𝑙𝑙𝑎𝑟 ! + 𝛾𝐹𝑎𝑡ℎ𝑒𝑟_𝑠𝑒𝑚𝑖𝑠𝑘𝑖𝑙𝑙𝑒𝑑
𝛿𝐼𝑛𝑆𝑐ℎ𝑜𝑜𝑙

!

!

+ 𝛿𝐹𝑎𝑡ℎ𝑒𝑟_𝑢𝑛𝑠𝑘𝑖𝑙𝑙𝑒𝑑 ! +

+ 𝜃𝑈𝑟𝑏𝑎𝑛 !,! + 𝜌𝐴𝑔𝑒 ! + 𝜎𝐹𝑜𝑟𝑒𝑖𝑔𝑛 ! + 𝜀!

(22)

The variables Father_whitecollari, Father_semiskilledi, and Father_unskilledi are dummy
variables that are equal to one if the first generation father works in that occupational
category. The base category is Father_farmer, which is equal to one if the first generation
father works in an agricultural field.
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VI.

Results
The relationship between the first generation father’s occupational income score

and the second generation primary male’s occupational income score is presented in the
Table 4 below. This table suggests the father’s occupational income score, if the
individual attended school as a child, residential urban status, being born outside of the
United States, and having parents who native to the United States are all significant
determinants of an individual’s occupational income score.
Table 4: Occupational Income Score of Second Generation with State Fixed Effects
(1)

(2)

Occupational Income Score

Coefficient

Coefficient

Father’s Occupational Score

0.210***
(0.015)
‐0.114
(0.079)
1.012**
(0.399)
0.753
(0.466)
9.817***
(0.343)
‐0.241
(0.746)
0.0004
(0.008)
‐2.697**
(1.114)
‐0.703*
(0.395)
25.770
(17.603)

0.261***
(0.015)
‐0.126
(0.083)
0.887**
(0.425)
4.053**
(0.480)
‐
‐
0.184
(0.794)
‐0.004
(0.008)
‐2.107*
(1.185)
‐0.411
(0.419)
18.769
(17.603)

Observations: 6163
R‐squared: 0.189

6163
0.08

(for males who were under the age of 16 in 1880)

Mother’s Occupational Score
Attended School in 1880
Lived in an urban area in 1880
Lived in an urban area in 1920
Age in 1920
Age in 1920 squared
Foreign Born
Parent’s Foreign Born
Constant
*p<0.1, **p<0.05, ***p<0.01
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From column one Table 4, the coefficient .21 on fathers’ occupational score
suggest a one point increase in the father’s occupational score increases the son’s
occupational income score by .21 points. This result coincides with the theory that
regression to the mean takes place with intergenerational mobility. If the primary linked
male attended school as a child in 1880, this increased his occupational income score by
about one point. Living in an urban area in 1920 was statistically significant and
increased the primary linked male’s occupational income score by almost ten points. If
the primary linked male was born outside of the United States, this decreased his
occupational income score by about 2.7 points. Finally, having a parent who was not
native to the United States decreased the primary linked male’s occupational income
score by about 0.7 points.
The concern of endogeneity comes about when including the status of urban
residence in 1920 for the primary linked male. In an attempt to control for this column
two presents the results of the regression after dropping this variable. The magnitude of
the coefficient of the first generation father’s occupational income score rises slightly,
while the magnitude of the coefficient on urban status in 1880 increase by about 3.5
points and is now statistically significant. The magnitudes on the coefficients of school
attendance and nativity slightly decline.
The results for the second regression of the analysis are given in Table 5 below.
For the second generation, the table suggests the father’s occupational income score, the
residential urban status of the child, being foreign born, having a parent that is foreign
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born, and age are all significant determinants on if the second generation primary male
attended school as a child. For the third generation, the table suggests the father’s
occupational income score, having a father or grandparent who is born outside of the
United States, age and sex are all significant determinants on if the third generation child
attended school in 1920.
For the second generation, a 10 point increase in the first generation father’s
occupational income score increases the probability the primary linked male attended
school as a child by about 0.9 percent. For the primary male, living in an urban area as a
child in 1880 decreased the probability he would attend school by about five percent.
Being born outside of the United States decreased the probability that the primary linked
male attended school as a child by almost 10 percent and having a parent who was born
outside of the United States decreased the probability that the primary linked male
attended school by about four percent.
For the third generation, a 1 point increase in the primary linked male’s
occupational income score increases the probability the third generation child attends
school by about 0.23 percent. If the primary linked male was born outside of the United
States, this decreases the probability that his child will attend school by about four
percent. If the third generation child had a grandparent who was born outside of the
United State, this decreases the probability the child will attend school by about 0.15
percent. If the third generation child is a female the probability of attending school is
increased by almost two percent.
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Table 5: OLS Regression of Child’s School Attendance on Occupational Income Score
Attends School as Child
State Fixed Effects
First Generation Father’s Occupational Score
First Generation Mother’s Occupational Score
Second Generation’s Occupational Score
Lived in Urban Area in 1880
Lived in Urban Area in 1920
Second Generation Foreign Born
First Generation Foreign Born
Age 6
Age 7
Age 8
Age 9
Age 10
Age 11
Age 12
Age 13
Age 14
Age 15
Age 16
Sex
Constant
Observations
R‐squared
*p<0.1, **p<0.05, ***p<0.001

Second Generation
Yes
No
0.0011**
(0.0004)
‐0.0074***
(0.0023)
‐
‐
‐0.0406***
(0.0127)
‐
‐
‐0.0980***
(0.0287)
‐0.0073
(0.0107)
0.3750***
(0.0186)
0.4784***
(0.0200)
0.5691***
(0.0206)
0.5945***
(0.0208)
0.6842***
(0.0197)
0.6902***
(0.0227)
0.6442***
(0.0229)
0.6828***
(0.0234)
0.5785***
(0.0252)
0.5566***
(0.0286)
0.4699***
(0.0291)
‐
‐
0.0780***
(0.0102)
7439
0.378
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0.0009**
(0.0004)
‐0.0034
(0.0023)
‐
‐
‐0.0539***
(0.0130)
‐
‐
‐0.0978**
(0.0284)
‐0.0399***
(0.0113)
0.3814***
(0.0183)
0.4776***
(0.0196)
0.5768***
(0.020)2
0.5989***
(0.0205)
0.6813***
(0.0193)
0.6857***
(0.0223)
0.6462***
(0.0225)
0.6816***
(0.0230)
0.5768***
(0.0248)
0.5484***
(0.0281)
0.4599***
(0.0287)
‐
‐
0.0925***
(0.0102)
7439
0.389

Third Generation
Yes
No
0.0001
(0.0003)
‐0.0009
(0.0013)
0.0025***
(0.0002)
‐
‐
‐0.0088
(0.0063)
‐0.0350**
(0.0177)
0.0009
(0.0063)
0.5322***
(0.0147)
0.7174***
(0.0136)
0.7614***
(0.0130)
0.7896***
(0.0130)
0.8049***
(0.0125)
0.8050***
(0.0123)
0.8085***
(0.0118)
0.7975***
(0.0119)
0.7739***
(0.0115)
0.6819***
(0.0118)
0.5031***
(0.0120)
0.0195***
(0.0052)
0.0706***
(0.0104)
16523
0.563

0.0002
(0.0002)
‐0.0008
(0.0013)
0.0023***
(0.0002)
.‐
‐
‐0.0101
(0.0066)
‐0.0403**
(0.0178)
‐0.0158**
(0.0069)
0.533***
(0.0146)
0.718***
(0.0136)
0.7619***
(0.0130)
0.7872***
(0.0129)
0.805***
(0.0124)
0.803***
(0.0122)
0.808***
(0.0117)
0.795***
(0.0118)
0.774***
(0.0115)
0.682***
(0.0117)
0.502***
(0.0119)
.0189***
(0.0051)
0.082***
(0.0117)
16523
0.563

Table 6.1: OLS Regression of Son’s Occupation on Father’s Occupation

Father in White Collar Field
Father in Semi‐skilled field
Father in unskilled field
Attended school in 1880
Lived in urban area in 1880
Lived in urban area in 1920
Age in 1920
Age in 1920 squared
Foreign born
Parent foreign born
Constant
Observations
R‐squared
* p<0.1, **p<0.05, ***p<0.01

(1)
Farmer
‐0.171***
(0.022)
‐0.159***
(0.0121)
‐0.107***
(0.0126)
‐0.008
(0.010)
‐0.015
(0.013)
‐0.497***
(0.009)
0.027***
(0.007)
‐0.0002***
(0.00007)
0.018
(0.027)
0.023**
(0.011)
‐0.041
(0.198)
8168
0.32

(2)
White Collar
0.185***
(0.015)
0.013
(0.008)
0.003
(0.008)
0.006
(0.006)
0.026***
(0.009)
0.069***
(0.006)
‐0.003
(0.005)
0.00003
(0.00004)
‐0.020
(0.018)
‐0.027***
(0.007)
0.150
(0.133)
8168
0.04

(3)
Semi‐skilled
‐0.006
(0.027)
0.156***
(0.014)
0.078***
(0.014)
0.005
(0.012)
‐0.014
(0.015)
0.319***
(0.011)
0.009
(0.009)
‐0.0001
(0.00008)
‐0.046
(0.032)
0.019
(0.012)
0.054
(0.233)
8168
0.13

(4)
Unskilled
‐0.008
(0.022)
‐0.010
(0.011)
0.025**
(0.012)
‐0.002
(0.009)
0.003
(0.013)
0.108***
(0.009)
‐0.032***
(0.007)
0.0003***
(0.00007)
0.048*
(0.026)
‐0.014
(0.010)
0.836***
(0.192)
8168
0.03

Table 6.1 presents the results of the four regressions that analyze the probability
of the primary linked male working in one of the four categories: farmer, white-collar,
semi-skilled, or unskilled, dependent upon what field his father worked in. From column
1 the results suggest that the second-generation son is about 17 percent less likely to end
up in farming if his father worked in a white-collar field compared to if his father worked
as a farmer. The second-generation primary linked male is also about 16 percent less
likely to end up in as a farmer if his father worked in a semi-skilled field and about 10
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percent less likely if his father worked in an unskilled field compared to if his father was
a farmer. The primary linked male was about 50 percent less likely to work in farming if
he lived in an urban area in 1920 compared to if the primary linked male lived in a rural
area. The primary linked male was also about 2.3 percent more likely to work in farming
if at least one of his parents was born outside of the United States compared to if his
parents were native to the United States.
Column two shows the primary linked male is about 18.5 percent more likely to
work in a white-collar field if his father worked in a white-collar field compared to if his
father was a farmer. The primary linked male is about 2.6 percent more likely to work in
a white-collar field if he lived in an urban area in 1880 compared to living in a rural area
and about 6.9 percent more likely if he lived in an urban area in 1920 compared to living
in a rural area. The primary linked male is also about 2.7 percent less likely to work in a
white-collar field if he had at least one parent born in a country other than the United
States compared to if his parents are native born.
Column three presents the results of the probability of the primary linked male
working in a semi-skilled field. The second-generation son is about 15.6 percent more
likely to work in a semi-skilled field if his father did as well, compared to if his father
worked as a farmer. The primary linked male was also about 7.8 percent more likely to
work in a semi-skilled field if his father worked in an unskilled field compared to if his
father worked in farming. The primary linked male was almost 32 percent more likely to
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work in a semi-skilled occupation if he lived in an urban area in 1920 compared to if he
lived in a rural area.
Column four shows the primary linked male was about 2.5 percent more likely to
work in an unskilled field like his father compared to if his father was a farmer. The
second-generation son was almost 11 percent more likely to work in an unskilled field if
he lived in an urban area in 1920 compared to if he lived in a rural area in 1920. The
primary linked male was about 4.8 percent more likely to work in an unskilled field if he
was foreign born compared to if he was native to the United States.
Table 6.2: OLS Regression of Son’s Occupation on Father’s Occupation

Father in White Collar Field
Father in Semi‐skilled field
Father in unskilled field
Attended school in 1880
Lived in urban area in 1880
Age in 1920
Age in 1920 squared
Foreign born
Parent foreign born
Constant
Observations
R‐squared
* p<0.1, **p<0.05, ***p<0.01

(1)
Farmer
‐0.296***
(0.018)
‐0.256***
(0.009)
‐0.172***
(0.009)
‐0.014*
(0.007)
‐0.211***
(0.010)
0.037***
(0.006)
‐0.0003***
(0.00006)
0.029
(0.021)
0.006
(0.008)
‐0.385
(0.165)
8168
0.10

(2)
White Collar
0.205***
(0.009)
0.025***
(0.004)
0.002
(0.004)
‐0.0008
(0.004)
0.053***
(0.005)
0.001
(0.003)
0.00001
(0.00003)
‐0.026**
(0.011)
‐0.031***
(0.004)
0.0007
(0.086)
8168
0.03
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(3)
Semi‐skilled
0.074***
(0.018)
0.215***
(0.009)
0.132***
(0.009)
0.022***
(0.007)
0.113***
(0.010)
‐0.002
(0.006)
‐0.00002
(0.00006)
0.006
(0.021)
0.029***
(0.008)
0.409**
(0.166)
8168
0.06

(4)
Unskilled
0.017
(0.014)
0.015**
(0.007)
0.037***
(0.007)
‐0.007
(0.006)
0.043***
(0.008)
‐0.037***
(0.004)
0.0004***
(0.00004)
0.049***
(0.016)
‐0.005
(0.006)
0.975***
(0.126)
8168
0.02

As discussed before, the variable indicating urban status in 1920 may be
endogenous, so Table 6.2 presents the results of OLS regression of the primary male’s
occupation on his father’s occupation after dropping the 1920 urban variable. From
column 1 of Table 6.2, the results suggest that the second-generation son is almost 30
percent less likely now to work in as a farmer if his father worked in a white collar field
compared to if his father was a farmer. The primary linked male is also about 1.4 percent
less likely to be a farmer if he attended school as a child.
Column two shows the primary linked male is now about 20 percent more likely
to work in a white collar field if his father also worked in a white collar field compared to
if his father was a farmer. The primary linked male is about 2.5 percent more likely to
work in a white collar field if his father worked in a semi-skilled field compared to if his
father was a farmer.
Column three shows a primary linked male is 7.4 percent more likely to work in a
semi-skilled field if his father worked in a white-collar field and 21.5 percent more likely
to work in a semi-skilled field if his father also worked in a semi-skilled field compared
to if his father was a farmer.
Column four shows a primary linked male is about 1.5 percent more likely to
work in an unskilled field if his father worked in a semi-skilled field compared to if his
father was a farmer. The primary linked male is 3.7 percent more likely to work in an
unskilled field if his father also worked in an unskilled field compared to if his father was
a farmer.
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VII.

Conclusion
This paper attempts to contribute to the literature on intergenerational mobility

and to help explain the link between parent and child outcomes by analyzing three
generations from the IPUMs Linked Representative Sample from years 1880-1920. My
results suggest the level of parental human capital is a significant determinant in the
outcomes of their children. Other significant determinants of children’s outcomes are
where the child lives, the nativity of the child, and the nativity of their parent.
The analysis of this study used the IPUMS Linked Representative Samples for the
years 1880-1920. However, there are six other datasets available through the IPUMS
Linked Representative Samples for years 1850-1880, 1860-1880, 1870-1880, 1880-1900,
1880-1910, and 1880-1930. Further analysis of intergenerational mobility with these
datasets would allow exploration of the effects fourth, fifth, or sixth generations may
have.
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